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Resaar ch advances of weed identif ication technology using machine vision
Mao W enhua®, W ang Yim ingl, Zhang Xiaochao®, W ang Yueqingl
(1 College o Information and Electronic Engineering, China A gricultural U niversity, B eijing 100083, China;

ronmental protection

2 ChineseA cadamy o A gricultural M echanization Sciences, B eijing 100083, China)
Abstract: W eed identification technology is the key to the realization of selectively gpraying herbicide for the envi-

In order to promote the research and application of this technology in China, the research

methods and advances of w eed identification technology using machine vision in precision fam ing w ere analyzed

The theory, feature paraneters, research advances and problem susing the shape, texture, color and multi-gec-
tral features to identify weed w ere discussed, regectively. T he difficulties of real-time identification w ere con-
cluded
Key words weed identification; machine vision; research advance
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