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Cl _Cc2 c3 Cc4 Cc5 c6 _C7T _cC8 C9 , 1 ),
RBFNN 58 )
100, 1 15, nN=q 01,
30 s, 90 80%, K appa (51
cClcCc7 C9cCc4 cC3 Q 8966
, 3 ™ ERDA S
RBFNN , A= (CH2,CH4,CHT7), MLC (6l ,
RBFNN ERDA S :
MLC ( 2 ),
; 85 70%, Kappa Q 8392
, 1000 , 1000 3 MLC RBFNN
RBFNN ) RBFNN
1 RBFNN
Tablel RBFNN classification error matrix
c1 c2 c3 c4 c5 C6 c7 c8 c9 /%
c1 102 0 0 0 0 0 5 0 6 113 Q7
c2 0 102 0 6 0 0 0 0 0 108 55
c3 0 0 78 15 0 9 0 0 0 102 235
ca 0 10 12 84 0 0 0 0 0 104 211
C5 0 0 0 0 117 0 0 0 0 117 0
C6 0 0 3 0 0 122 0 0 0 125 24
c7 5 0 0 0 0 0 93 0 4 102 88
c8 0 0 0 0 0 0 0 112 0 112 0
c9 9 0 0 0 0 0 8 0 88 105 16 1
116 112 93 105 117 131 106 122 98 1000 -
/% 12 89 16 1 20 0 68 12 2 0 10 2 -
2 MLC
Table2 MLC classification error matrix
c1 c2 c3 c4 c5 C6 c7 c8 c9 /%
c1 96 0 0 0 0 0 7 0 8 111 135
c2 0 95 0 8 12 0 0 1 0 116 17. 2
c3 0 0 78 10 0 9 0 0 0 97 19 6
ca 0 12 12 81 0 4 0 0 0 109 257
c5 0 4 0 0 105 0 0 0 0 109 36
C6 0 0 3 6 0 118 0 0 0 127 7
c7 8 0 0 0 0 0 89 0 6 103 13 6
c8 0 1 0 0 0 0 0 111 0 112 0
c9 12 0 0 0 0 0 10 0 84 106 20 7
116 112 93 105 117 131 106 122 98 1000 —
/% 12 89 16 1 20 0 68 12 2 0 10 2 — —
3 MLC RBFNN
Table 3 Comparison of sample number betweenM L C and RBFNN
MLC 634 2103 361 2167 894 613 571 688 480
RBFNN 149 155 96 100 104 90 90 118 98
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[1] Jayantha E Hierarchical maximum-likelihood classificat-

RBF neural tree networks for multi-class
classif ication in remote sensing

Yuan Jin', Liu Xuemei', Jiang Tao’
(1 College o M echanical & Electronic Engineering, Shandong A gricultural U niversity, Tai’an 271018 China;

2 College o Geo-info Science & Engineering, Shandong U niversity o Science and Technology, Tai’an 271019, China)
Abstract: In this paper, the algorithm and realizing procedures of the RBFNN used in classification of remote
sensing mage were discussed, and a training algorithm based on A daptive Global Distance Fast Cluster
(A GDFC) and a tree-like hierarchical RBFNN constructing algorithm were Then, the case of practical applica
tion of remote sensing land cover classification in Tai’an region was presented Through comparingwithMLC,
classification process and resultsw ere synthetically analyzed Experimental results show that RBF neural tree
networks approach hasmore advantages in training tine, network structure, classification precision, etc
Key words radial basis function neural networks ranote sensing mage; classification
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